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Purpose

To outline how standardized, open-access Standardized open datasets would reduce

We propose a coordinated ACR-led approach that would:

imaging datasets can lower regulatory redundant data collection, cut retraining

1. Set documentation standards with clear metadata requirements and model-readiness
checklists aligned with TRIPOD-AI and FAIR principles.

barriers, improve scientific transparency, and . .
» IMP P Y costs, and make studies easier to compare.

serve as the foundation for reproducible Al | |
Reliable, reusable data also improves model

development in radiology. 2. Reward participation through funding incentives and formal recognition for institutions that

validation and helps regulators monitor

contribute anonymized imaging data. _ L
performance once algorithms enter clinical

Methods/Materials

3. Incorporate reproducibility audits into model evaluation to ensure regulatory traceability and

use. Open imaging data is the groundwork

compliance with FDA algorithm-change policies. for credible, scalable Al in radiology. With

Most imaging-Al models are still built on

4. Define governance practices for dataset stewardship, versioning, and de-identification to the right standards and incentives, ACR can

small, private datasets that rarely leave a

maintain integrity over time. help make open imaging datasets the status

single institution. The result is familiar: limited
A Coordinated Radiology Community Approach for Trusted, Reproducible Al

‘ 9 Reward Participation

Provide funding incentives and formal

generalizability, weak external validation, and quo for transparent and reproducible Al in

o Set Documentation Standards

Establish clear metadata requirements and

slower regulatory review. Each team repeats radiology.

model-readiness checklists aligned with recognition for institutions that contribute

TRIPOD-AI and FAIR principles.

the same work of cleaning data, writing scripts,

anonymized imaging data.
and revalidating models at a significant cost of = @ @% k & @
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